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Abstract
Based on the information culled out from KLEMS time-series data base for the period from 1990-91 to 2018-19 on real value added and employment in 12 industrial activities, an attempt has been made in this paper to examine structural change in labour productivity growth among 14 developing economies (including India and China). For this purpose, we have carried out shift-share decomposition analysis as laid down in Fagerberg (2000). As per the analysis, labour productivity growth (LPGR) in a country during a given span of time was decomposed into three components, viz., within industry growth effect (WIGE), static shift effect (STSE) and dynamic shift effect (DNSE). The analytical computations were made for each of the country during three sub-period as well as over the entire period. The countries were then stratified jointly in respect of the pace of LPGR and the relative contribution of STSE in LPGR. Validation of structural bonus hypothesis and structural burden hypothesis  were also examined for each of the economies. A salient observation made through the analysis was that although the two-way distributions of the countries did not remain unchanged during different spans of time, yet both India and China continued to remain confined to the high pace of LPGR-low contribution of STSE slot.  This implies that although the two nations have experienced relatively high pace of growth in labour productivity, yet the growth has occurred primarily due to the improvement resulting from within industries. That is, labour has not been in a position to move out from low-productivity sectors to get absorbed in relatively high productivity activities. Accordingly, imparting education & training and skill formation for the labour force is need of the hour in such economies. 
…..
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1. Introduction
Employment and growth are recognised to be two major macro-variables which influence a multiplicity of other economic variables. Studies like Dopke (2001) and Kapsos (2005) have exhibited a positive and strong relationship between economic growth and employment growth in a region; as economy develops, employment is generated, whose intensity is peculiar to the time frame and the economic activity under consideration. 
Labour productivity growth is a crucial dimension that determines long-term growth potential of an economy, and is a necessary precondition for achieving sustainable economic growth, improved standards of living  and enhanced competitiveness (Dumagan, 2013). Within a given economy, we generally witness wide gaps among inter-industry labour productivity; the gap is expected to be all the more severe among developing economies vis-à-vis developed economies (Lewis, 1954). Ideally speaking, movement of an economy along its growth paths should be accompanied by an adequate structural change in the sense that labour should move out from slow-growing activities so as to get absorbed in fast-growing activities. In recent times, examination of relationship between economic structure of a country and its labour productivity growth has received the attention of large many researchers (such as Fagerberg, 2000;  Havlik, 2005; Dumagan, 2013; de Vrise et al., 2015; Havlik, 2015; Goldar et al., 2017; Krishna et al., 2017; Mallick, 2017;  Maris, 2019;  Montebello and Darmanin, 2021; etc.). Most of the studies have been conducted either for a single economy, or mostly for a group of western economies. Such studies in the context of developing Asian economies are scanty and, therefore, a need was felt to take up the present empirical investigation in the context of a group of such economies.
The paper has been organised into five sections in all (including the present one). The second section has been devoted to the data base adopted in the study. Analytical methodology has been outlined in section 3. Main findings from the analysis have been discussed in brief under section 4. And, finally, concluding remarks and policy implications have been given in section 5.
2. Data Base
								
For the present empirical investigation, KLEMS (which stands for Capital, Labour, Energy, Materials and Services) data base, as compiled by de Vries et al. (2021) and Kruse et al. (2022;  available at https://www.rug.nl/ggdc/structuralchange/etd/)  was used in respect of 14 developing Asian economies. The considered economies were: Bangladesh (BGD), Cambodia (KHM), China (CHN), India (IND), Indonesia (IDN), Lao People’s Democratic Republic (LAO), Malaysia (MYS), Myanmar (MMR), Nepal (NPL), Pakistan (PAK), Philippines (PHL), Sri Lanka (LKA), Thailand (THL), and Vietnam (VNM). For each of the economies, time series information (for 19 years from 1990-91 to 2018-19) was compiled at the disaggregated level (for 12 industrial activities) on two important economic variables, viz., Gross Value Added at 2015 constant prices (in millions; local currency) and Number of Persons Employed (in ’000). The industrial activities were: Agriculture (AGRI, consisting of Agriculture, forestry, fishing); Mining (MNNG, consisting of Mining and quarrying); Manufacturing (MNFG, consisting of different manufacturing activities); Utilities (UTLT, consisting of Electricity, gas, steam and air conditioning supply; Water supply; sewerage, waste management and remediation activities); Construction (CONS, consisting of different construction activities); Trade Services (TRDS, consisting of Wholesale and retail trade; repair of motor vehicles and motorcycles; Accommodation and food service activities); Transport Services (TRNS, consisting of Transportation and storage); Business Services (BSNS, consisting of Information and communication; Professional, scientific and technical activities; Administrative and support service activities); Financial Services (FNCS, consisting of Financial and insurance activities); Real Estate (RLES, consisting of various real estate activities); Government Services (GOVS, consisting of Public administration and defence; compulsory social security; Education; Human health and social work activities); and Other Services (OTRS, consisting of Arts, entertainment and recreation; Other service activities; Activities of households as employers; undifferentiated goods- and services-producing activities of households for own use; Activities of extraterritorial organizations and bodies). Here, it may be mentioned that for India, employment data for Real Estate (RLES) sector was not available. So, this sector had to be left out from both employment and Real Value Added for the country. 
3. Analytical Methodology of Decomposition of Labour Productivity Growth

For the purpose of decomposition of labour productivity growth into different constituent components, we have broadly adopted the methodology as has been outlined in Fagerberg (2000) and de Vrise et al. (2015).  Under the basic assumption of aggregated production function, the overall value added (V) in an economy can simply be obtained as the aggregation of value added in different industries (say, k in number). Thus, at the current time ‘t’, the overall value added  may be written as



     where  stands for the value added by the ith industry at time t (i = 1, 2,…, k). Similarly, the overall employment () at time t can be expressed as

       


where  stands for the employment in the ith industry at time t (i = 1, 2,…, k). Thus, at time t, labour productivity () may simply be expressed as the ratio

         



where stands for the labour productivity in the ith industry at time t and  stands for the relative share of the ith industry in total employment.  On similar lines, at the preceding time (t-1), the labour productivity () may be written as

              


where  and  denote, respectively, the labour productivity and relative share in total employment of the ith industry at time t. Thus, the rate of growth in labour productivity during the successive points in time t and t-1 may be written as



Using  in the above equation and simplifying, we get the identity:

           
The 1st component on the right hand side of Equation (6) provides us with the contribution to labour productivity growth resulting from the change in labour productivities within the individual Sectors, called  Within Industry Growth Effect (WIGE). The 2nd component provides the contribution to labour productivity growth resulting from the relocation of labour between  sectors, called as the Static Shift Effect (STSE). This component will be positive if the share of high productivity sectors in total employment increases at the expense of low productivity sectors. Thus, the component reflects ability of an economy to move labour resources from low-productivity to high-productivity activities. Finally, the 3rd component on the right-hans side of Equation (6) presents the contribution to labour productivity growth resulting from the interaction between the change in labour productivity within the individual sectors and the relocation of labour force among the sectors, named as the Dynamic Shift Effect (DNSE). This component will be positive in sign if the fast growing sectors (in terms of labour productivity) are also accompanied by their rising share in total employment. In other words, the component DNSE is reflective of the ability of an economy to relocate its labour resources towards activities associated with fast productivity growth.
As indicated in Maris (2019), the standard Structural Bonus Hypothesis of industrial growth postulates a direct relationship between structural change and economic growth, as economies upgrade from low- to high productivity sectors. Accordingly, the hypothesis expectedly implies a positive contribution of  the static shift effect (STSE) to the growth in aggregated labour productivity. In other words, the hypothesis leads us to expect that 


Further, Baumol's  Structural Burden Hypothesis of Labour Reallocation states that employment shifts temporally away from high- to low-productivity sectors (Havlik, 2005). In other words, the hypothesis implies that 


We have made a brief discussion on the experience of the selected economies as per the aforementioned methodology. 
3. Analytical Findings
Computations on the decomposition of labour productivity growth were made (through Equation 6)  separately for each of the 14 economies during three time durations (1990-1999, 2000-2009 and 2010-2018) as well as during the entire span (1990-2018). The computations alongwith their diagrammatical representations have been made  in Figures 4.1 through 4.14, as below. 
Some of the salient observations which could be made from the analytical findings are given as below:
In the group of countries considered, China was the clear leader with respect to the pace of labour productivity growth. During the entire study span of 29 years, the country has registered growth at a rate of 8.14 percent per annum (Fig. 4.2). The rate of growth was particularly high (9.06 percent) during 2000-2009. However, the same has fallen perceptibly (to 7.13 percent) during the latest period of 2010-2018. In comparative terms, the pace of growth in labour 
























productivity in India has been much slower (4.86 percent; Fig. 4.1). Owing to such a wide gap in the pace of growth of labour productivity, it may be difficult for India to catch up with China, at least in the near future. Nevertheless, the rates of growth during sub-period at accelerated rates (3.84, 4.70 and 6.07 percent during 1990-1999, 2000-2009 and 2010-2018, respectively) may be viewed as a silver lining for India. Countries like Myanmar, Vietnam  and Laos have also registered fairly rapid rates of growth (of 7.39, 4.19 and 4.18 percent) in labour productivity. Nevertheless, the performance of countries like Pakistan (1.35 percent), Philippines (2.44 percent), Malaysia (2.54 percent) and Indonesia (2.54 percent) have been quite dismal on this front. 
As regards the reallocative shares of labour productivity growth, it could be seen that in the context of India, as high as 81.8 percent of labour productivity growth during the study span was attributable to the Within Industry Growth Effect (WIGE), while 17.9 percent was attributable to the Static Shift Effect (STSE), thereby leaving a mere 0.3 percent to the Dynamic Shift Effect (DNSE). The corresponding estimates for WIGE, STSE and DNSE were 88.8, 10.6 and 0.6 percent during the sub-period 1990-1999; 75.1, 24.3 and 0.6 percent during 2000-2009; and 83.2, 17.1 and -0.3 during 2010-2018. These break-ups clearly indicate that in India, labour productivity growth has occurred primarily by way of intra-industry upliftment. A relatively small contribution of the statistic shift effect implies that the economy has not successfully witnessed an experience of pushing-out its labour from the low-productivity sectors (like agriculture) to the other high-productivity sectors. The economy is well-recognised to be services-led in the sense that whatever structural changes have occurred, these have been from the primary-producing activities to the tertiary activities, thus skipping out the all-important intervening phase of manufacturing activities. Further, an imperceptible contribution of the dynamic shift effect points towards the inability of the economy to relocate its labour resources towards activities associated with fast productivity growth.
In case of China, too, as high as 81.8 percent of the contribution in labour productivity growth was attributable to within industry growth effect, whereas 19.1 percent was attributable to static shift effect. At the sub-period level, the contribution of WIGE varied narrowly between 80.0 to 83.8 percent. For the economy, the contribution of  dynamic shift effect was relatively much smaller and generally negative. We may, therefore, say that for the Chinese  economy, as well, (a)  labour productivity growth has grossly been the result of within-industry improvement; (b) labour force has not been in a position to move out abundantly from low productivity to high productivity sectors; and (c) labour resources could not be relocated towards the industrial  activities associated with fast productivity growth. However, as indicated by Mallick (2017), there has been a significant point of difference between the Chinese vis-à-vis the Indian economies: while the Indian economy has not been in a position to move out its work force from agriculture to manufacturing sector, Chinese economy, on the other hand, has failed to experience movement of its force from low-productivity manufacturing to high-productivity manufacturing sectors.

In order to come out with a general picture, two-way stratification (on the basis of  of the developing Asian economies was made with respect to  (a) LPGR and (b) STSE expressed as a percentage of LPGR. Such stratifications were made during different spans of time (Table 4.1). 
A broad look at Table 4.1 indicates that the relative position of different countries did not necessarily remain the same. Nevertheless,  both India and China (along with Myanmar) continued to remain confined to the cell of  ‘High LPGR coupled with  Low STSE (expressed as a %age of LPGR)’. Pakistan showed a tendency to have experienced ‘Low LPGR coupled with High STSE (in %age terms)’. Similarly, Nepal was observed to have experienced ‘Medium LPGR coupled with  Medium/ High STSE %age’.
Table 4.1. Two-Way Stratification of the Developing Asian Economies on the Basis of the Rates of Growth in LPGR & STSE 
Period: 1990-91 to 1999-2000
	LPGR (%)
	STSE as a %age of LPGR
	Overall

	
	Low                           (0.00 – 44.65)
	Medium                    (44.65 – 127.17)
	High                       (127.17 – 272.28)
	

	Low                            (0.00 – 2.96)
	--
	IDN, PAK
	KHM, LAO, PHL
	IDN (1.45), KHM (1.38), LAO (2.96), PAK (1.54), PHL (0.27)

	Medium                      (2.96 – 3.76)
	LKA, MMR, MYS
	THA
	NPL
	LKA (3.00), MMR (3.69), MYS (3.76), NPL (3.50), THA (3.42)

	High                          (3.76 – 8.14)
	CHN, IND, VNM
	BGD
	--
	BGD (3.85), CHN (8.14), IND (3.84), VNM (6.11)

	Overall             
	CHN (17.05), IND (10.61), LKA (13.81), MMR (6.67), MYS (11.28), VNM (44.65)
	BGD (47.92), IDN (127.16), PAK (65.03), THA (75.73)
	KHM (173.80), LAO (148.43), NPL (164.63), PHL (272.27)
	








Table 4.1. Contd…
Period: 2000-01 to 2009-10
	LPGR (%)
	STSE as a %age of LPGR
	Overall

	
	Low                            (0.00 – 25.79)
	Medium                    (25.79 – 99.49)
	High                         (99.49 – 133.06)
	

	Low                          (0.00 – 2.77)
	MYS, PHL, THA
	--
	LKA, PAK
	LKA (2.77), MYS (2.48), PAK (0.72), PHL (2.38), THA (2.09)

	Medium                   (2.77 – 3.78)
	--
	BGD, IDN, KHM, NPL
	VNM
	BGD (3.78), IDN (3.00), KHM (3.33), NPL (3.19), VNM (3.39)

	High                        (3.78 – 11.96)
	CHN, IND, MMR
	--
	LAO
	 CHN (9.06), IND (4.70), LAO (3.78), MMR (11.96)

	Overall             
	CHN (19.87), IND (24.33), MMR (7.24), MYS (15.61), PHL(25.79), THA (24.50)
	BGD (99.49), IDN (64.17), KHM (79.56), NPL (51.32)
	LAO (105.92), LKA (133.06), PAK (117.21), VNM (127.18)
	



Period: 2010-11 to 2018-19
	LPGR (%)
	STSE as a %age of LPGR
	Overall

	
	Low                          (0.00 – 30.85)
	Medium                 (30.85 – 50.57)
	High                       (50.57 – 247.92)
	

	Low                          (0.00 – 3.74)
	MYS
	IDN, THA
	PAK, VNM
	IDN (3.13), MYS (1.38), PAK (1.84), THA (3.74), VNM (3.14)

	Medium                   (3.74 – 4.88)
	PHL
	LKA, NPL
	BGD 
	BGD (4.33), LKA (4.88), NPL (4.49), PHL (4.67)

	High                         (4.88 – 7.13)
	CHN, IND, LAO, MMR
	--
	KHM
	CHN (7.13), IND (6.07), KHM (5.72), LAO (5.85), MMR (6.02)

	Overall             
	CHN (20.48), IND (17.07), LAO (12.49), MMR (14.19), MYS (16.33), PHL (30.85)
	IDN (46.47), LKA (43.19), NPL (50.57), THA (42.94)
	BGD (247.92), KHM (82.98), PAK (64.96), VNM (51.57)
	




Period: 1990-91  to 2018-19
	LPGR (%)
	STSE as a %age of LPGR
	Overall

	
	Low                          (0.00 – 50.25)
	Medium                 (50.25 – 73.59)
	High                       (73.59 – 135.39)
	

	Low                          (0.00 – 3.05)
	MYS, PHL, THA
	IDN, 
	PAK
	IDN (2.54), MYS (2.54), PAK (1.35), PHL (2.44), THA (3.05)

	Medium                   (3.05 – 4.18)
	--
	LAO, LKA
	BGD, KHM, NPL
	BGD (3.98), KHM (3.47), LAO (4.18), LKA (3.52), NPL (3.71)

	High                         (4.18 – 8.14)
	CHN, IND, MMR
	VNM
	--
	 CHN (8.14), IND (4.86), MMR (7.39), VNM (4.19)

	Overall             
	CHN (19.14), IND (17.93), MMR (8.97), MYS (13.68), PHL(37.53), THA (50.25)
	IDN (68.69), LAO (73.59), LKA (60.36), VNM (70.21)
	BGD (135.39), KHM (93.39), NPL (85.40), PAK (74.99)
	




Further, on the basis of sign and magnitude of statistic shift effect (STSE) and dynamic shift effect (DNSE) for each of the countries (again stratified into three categories through the , an attempt was made to examine the validity  of  Structural Bonus Hypothesis (Equation 7) and Structural Burden Hypothesis (Equation 8) during different spans of time (Table 4.2). Some of the salient observations which could be made through a broad look at the table were:
(a) Different countries have experienced differential nature (Weak, Medium and Strong) of the validation of structural bonus hypothesis;  (b) Barring a few exceptions (viz., 1st, 2nd and Overall period for India, and 2nd period for each of China and Myanmar), different countries have once again experienced differential nature (Weak, Medium and Strong) of the validation of structural burden hypothesis. The aforementioned exceptional cases pointed towards a feeble invalidation of structural burden hypothesis (due to small, positive values of DNSE); (c) Indian economy portrayed a weak validation of the structural bonus hypothesis, coupled with a feeble indication of the invalidation of structural burden hypothesis. It implies that although country has not been in a position to release its labour force from low- to high-productivity activities in a big way, yet the country has witnessed some tendency of the work force to get absorbed in high-productivity activities associated with fast growth; (d) Each of Myanmar and Malaysia, too, showed a weak indication of the validity of structural bonus hypothesis, coupled respectively with weak and medium validity of structural burden hypothesis; (e) China has witnessed, more or less, a consistent behaviour of medium validation of the structural bonus hypothesis, coupled with a weak validation of structural burden hypothesis. In other words, there has been a relatively better movement of labour force from low- to high productivity activities. And, that, there has been some indication of such a movement to the slow growing activities; (f) Each of Bangladesh, Cambodia, Laos and Vietnam were associated with a strong validity of structural bonus hypothesis coupled with a strong/ medium validity of structural burden hypothesis; (g) Performance of rest of the countries in respect of validity of the two hypotheses was not very consistent over a period of time. For instance, in respect of the validity of structural bonus hypothesis for Thailand, there was a strong indication during the 1st period, a weak indication during the 2nd period and medium indication during the 3rd period. And, in respect of the structural burden hypothesis for the country, there was either a medium or a strong indication of its validity.
   
Table 4.2. An Examination of the Validation of Structural Bonus Hypothesis and Structural Burden Hypothesis for Different Countries during Different Spans of Time
	Country
	Validity of Structural Bonus Hypothesis
	Validity of Structural Burden Hypothesis

	
	1990-1999
	2000-2009
	2010-2018
	1990-2018
	1990-1999
	2000-2009
	2010-2018
	1990-2018

	India
	Weak
	Medium
	Weak
	Weak
	Weakly Invalid*
	Weakly Invalid
	Weak
	Weakly Invalid

	China
	Medium
	Medium
	Medium
	Medium
	Weak
	Weakly Invalid
	Weak
	Weak

	Bangladesh
	Medium
	Strong
	Strong
	Strong
	Strong
	Strong
	Strong
	Strong

	Indonesia
	Medium
	Medium
	Medium
	Medium
	Medium
	Strong
	Weak
	Strong

	Cambodia
	Strong
	Strong
	Strong
	Strong
	Strong
	Medium
	Strong
	Strong

	Laos
	Strong
	Strong
	Weak
	Strong
	Strong
	Strong
	Strong
	Strong

	Sri Lanka
	Weak
	Strong
	Strong
	Medium
	Weak
	Strong
	Strong
	Strong

	Myanmar
	Weak
	Weak
	Weak
	Weak
	Weak
	Weakly Invalid
	Weak
	Weak

	Malaysia
	Weak
	Weak
	Weak
	Weak
	Medium
	Medium
	Medium
	Medium

	Nepal
	Strong
	Medium
	Strong
	Strong
	Strong
	Weak
	Weak
	Medium

	Pakistan
	Medium
	Weak
	Weak
	Weak
	Weak
	Medium
	Medium
	Weak

	Philippines
	Weak
	Weak
	Medium
	Weak
	Medium
	Weak
	Medium
	Weak

	Thailand
	Strong
	Weak
	Medium
	Medium
	Medium
	Medium
	Strong
	Medium

	Vietnam
	Strong
	Strong
	Strong
	Strong
	Strong
	Strong
	Medium
	Medium


* Because of slightly positive value of WIGE




5. Concluding Remarks and Policy Implications
In conclusion, China was seen to be the clear leader with respect to the pace of labour productivity growth. In comparative terms, the pace of growth for India was far more slower. Nevertheless, with respect to rest of the countries in the group, both India and China were observed to have confined uniformly to the high pace of LPGR-low contribution of STSE category.  Thus, although the two nations have experienced relatively faster pace of growth in labour productivity, yet the growth has occurred primarily due to the improvement resulting from within industries. That is, the countries have not been in a position to move out their  labour force from low-productivity sectors so as to get absorbed in relatively high productivity activities. Accordingly, (a) consolidation of manufacturing activities, and (b) imparting of education/ training coupled with skill formation for the labour force is need of the hour for such economies. 
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Fig. 4.1. Decomposition Analysis - India
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Fig. 4.2. Decomposition Analysis - China
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Fig. 4.3. Decomposition Analysis - Bangla Desh
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Fig. 4.4. Decomposition Analysis - Indonesia
LPGR	1990-1999	2000-2009	2010-2018	1990-2018	1.4485374040447101	3.0005324932789077	3.13322609260379	2.5443284429509205	WIGE	1990-1999	2000-2009	2010-2018	1990-2018	-9.0266311737405694E-2	3.2492706977431998	1.95712431390376	1.7605153213189035	STSE	1990-1999	2000-2009	2010-2018	1990-2018	1.8421469075700001	1.9253120208296133	1.4561286556805764	1.7477714384839698	DNSE	1990-1999	2000-2009	2010-2018	1990-2018	-0.30334319178788743	-2.1740502252938967	-0.28002687698055589	-0.96395831685196298	

Fig. 4.5. Decomposition Analysis - Cambodia
LPGR	1990-1999	2000-2009	2010-2018	1990-2018	1.37608023739922	3.3301643192569301	5.7173801590367352	3.4693852414461812	WIGE	1990-1999	2000-2009	2010-2018	1990-2018	-0.68985069292075263	1.5732653478253966	1.8586776414525201	0.93757485768000015	STSE	1990-1999	2000-2009	2010-2018	1990-2018	2.3915959109682379	2.6496166557653966	4.7443644859424134	3.2399932189232099	DNSE	1990-1999	2000-2009	2010-2018	1990-2018	-0.32566498064827243	-0.89271768433386101	-0.88566196835818889	-0.70818283515702596	
Fig. 4.6. Decomposition Analysis - Laos
LPGR	1990-1999	2000-2009	2010-2018	1990-2018	2.9606589854488359	3.7833615334400386	5.85143967268887	4.1836608306299885	WIGE	1990-1999	2000-2009	2010-2018	1990-2018	-4.5302645979833217E-2	2.7983761372654801	5.7350263312914498	2.8282598050164101	STSE	1990-1999	2000-2009	2010-2018	1990-2018	4.3944343368093657	4.0073401035599598	0.7306864986897309	3.0785531626818501	DNSE	1990-1999	2000-2009	2010-2018	1990-2018	-1.3884727053807036	-3.0223547073854276	-0.61427315729230703	-1.7231521370682601	
Fig. 4.7. Decomposition Analysis - Sri Lanka 
LPGR	1990-1999	2000-2009	2010-2018	1990-2018	3.0036756823030477	2.7685618593782499	4.8791571217297198	3.5225397796456202	WIGE	1990-1999	2000-2009	2010-2018	1990-2018	2.7014535992301867	4.1366067765077075	3.8038532208371199	3.5683510409172605	STSE	1990-1999	2000-2009	2010-2018	1990-2018	0.41468922121792895	3.6837729534454899	2.1071734344138835	2.1262319083979118	DNSE	1990-1999	2000-2009	2010-2018	1990-2018	-0.11246713814507198	-5.0518178705749364	-1.0318695335213	-2.1720431696695193	


Fig. 4.8. Decomposition Analysis - Mynamar
LPGR	1990-1999	2000-2009	2010-2018	1990-2018	3.6859222612757576	11.9604756500978	6.0174356371014968	7.3905349137990655	WIGE	1990-1999	2000-2009	2010-2018	1990-2018	3.5317398285219785	11.014663301557498	5.35089345502747	6.78894044884	STSE	1990-1999	2000-2009	2010-2018	1990-2018	0.246020428932748	0.86615308914797451	0.85373156841913189	0.66283210241595203	DNSE	1990-1999	2000-2009	2010-2018	1990-2018	-9.1837996178969691E-2	7.9659259392366705E-2	-0.18718938634508744	-6.1237637456887123E-2	
Fig. 4.9. Decomposition Analysis - Malaysia
LPGR	1990-1999	2000-2009	2010-2018	1990-2018	3.763134448842858	2.4835921644836301	1.3829403886363101	2.5410926850767397	WIGE	1990-1999	2000-2009	2010-2018	1990-2018	3.6096703073625211	2.7327126290119788	1.48610284795201	2.6138958817125202	STSE	1990-1999	2000-2009	2010-2018	1990-2018	0.42459859775965109	0.38775847815151798	0.22589047345681901	0.34757094365940855	DNSE	1990-1999	2000-2009	2010-2018	1990-2018	-0.27113445627933475	-0.63687894267986933	-0.32905293277251996	-0.42037414029519132	
Fig. 4.10. Decomposition Analysis - Nepal
LPGR	1990-1999	2000-2009	2010-2018	1990-2018	3.4991254673299999	3.1896845764125676	4.4916834739854901	3.70764736557018	WIGE	1990-1999	2000-2009	2010-2018	1990-2018	-1.4560146600720298	1.6040426872558999	2.3178115945185835	0.84987854580635458	STSE	1990-1999	2000-2009	2010-2018	1990-2018	5.7607266990112498	1.6369859671011433	2.2715108492617366	3.1664284859095777	DNSE	1990-1999	2000-2009	2010-2018	1990-2018	-0.8055865716092161	-5.1344077944475104E-2	-9.7638969794833899E-2	-0.30865966614575807	
Fig. 4.11. Decomposition Analysis - Pakistan
LPGR	1990-1999	2000-2009	2010-2018	1990-2018	1.5445461238685247	0.72248683186706408	1.8430037570098852	1.3468863302348699	WIGE	1990-1999	2000-2009	2010-2018	1990-2018	0.61006425123864705	0.12014737837065402	1.0904650045193001	0.5895084673402865	STSE	1990-1999	2000-2009	2010-2018	1990-2018	1.00442150976885	0.84679663586277365	1.1971659158390799	1.0100804710392501	DNSE	1990-1999	2000-2009	2010-2018	1990-2018	-6.9939637138977134E-2	-0.24445718236636205	-0.44462716334849095	-0.25270260814467232	
Fig. 4.12. Decomposition Analysis - Philippines
LPGR	1990-1999	2000-2009	2010-2018	1990-2018	0.26529063306885098	2.3836116210814002	4.6659471169527675	2.43633057003602	WIGE	1990-1999	2000-2009	2010-2018	1990-2018	-0.34363410908443198	1.9344989181497201	3.5344338748729363	1.7165066811997698	STSE	1990-1999	2000-2009	2010-2018	1990-2018	0.72234457540512265	0.61484588357415737	1.4394645582341634	0.91445503708911668	DNSE	1990-1999	2000-2009	2010-2018	1990-2018	-0.11341983325183902	-0.16573318064247469	-0.30795131615432808	-0.19463114825286601	
Fig. 4.13. Decomposition Analysis - Thailand 
LPGR	1990-1999	2000-2009	2010-2018	1990-2018	3.4207865856888198	2.0910052251529598	3.7361457182228999	3.0472301066691099	WIGE	1990-1999	2000-2009	2010-2018	1990-2018	1.0989227465600999	1.7631621270731199	2.6536479646312388	1.8358842025518998	STSE	1990-1999	2000-2009	2010-2018	1990-2018	2.5905807998604176	0.51221590273233508	1.6041737976279098	1.5312482287399398	DNSE	1990-1999	2000-2009	2010-2018	1990-2018	-0.26871696073169632	-0.18437280465249645	-0.52167604403624956	-0.31990232462273138	
Fig. 4.14. Decomposition Analysis - Vietnam 
LPGR	1990-1999	2000-2009	2010-2018	1990-2018	6.10793829403113	3.3926163013902215	3.1449027236588387	4.1857761490397145	WIGE	1990-1999	2000-2009	2010-2018	1990-2018	3.7137986738100599	0.10803162572611057	1.8462581322034233	1.8257438396922301	STSE	1990-1999	2000-2009	2010-2018	1990-2018	2.7274535006874085	4.3145875236086315	1.6217854594888801	2.9388937813454699	DNSE	1990-1999	2000-2009	2010-2018	1990-2018	-0.33331388046632032	-1.03000284794453	-0.32314086803347025	-0.57886147199797999	
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